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Open banking and the analysis of Transactional Data
are enabling the creation of DEEPER INSIGHTS
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Our Open Banking Capabillities

Verification

Categorisation
and Insight

~- ML Powered Platform
-« Categorisation .
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@ Visualisation and analytical suppoftisa Usage and
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Machine-learning powered categorisation

Fully trained, market specific engines, maintained by our local experts

Leisure Food/ Premises
Shopping Groceries Cost of
@1 goods
Sﬁg;‘i)ri]rf]sg @\. \BHC%M Sales @ / Accuracy Ievels
h ’ - Weboa}a/ greater than 90%
Salary ' - cvings Fo%ltgp;tr?nts Shipping
.:'._‘.. a " ' S'?‘Eﬂ
Employment ‘ ' Ent%wment One off Insurance / 3|’d party bank
! Credlt .
e transactional data
UEiIIi/ties _ . m Macro- Opgr;tstlt(;nal
_{,‘_) ‘ : X Travel. == Economlc /
Paymens | femmin e EZ?;L In-house customer
@ Identity Mobile @223 Invoices / Trade
@ 0O \?b = account data
Taxonomy for individuals Taxonomy for SMEs
94 Categories: 18 Income 58 Categories: 17 Income
76 Expenses 41 Expenses e’
[ | .
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1. Use affordability estimation and cash flow to create a
stand-alone transactional score

5& Machine Learning Savings capacity Debt to income
Powered Categorisation Expenses / Incomes Committed expenditure / Income
Monthly ~
: average ~
balance

Maximum 15.21% 15.01%

monthly
average
balance

Minimum

monthly ,

— -II transactional score m
balance

Number
days

overdraft 15.78% 16.24%
Average
overdraft
Debt to eligible income Financial charge
Taxonomy for SMEs Committed expenditure / Eligible Income Loans + Rent / Salary + Pensions
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2. Enrich existing scores and models to uplift accuracy

Blended scorecards typically deliver
Improved levels of predictiveness

A +10/20%
Uplift

Predictivity
(Gini)

Existing Score Transactional A?fL Eclj\l[;ElD
(PD) Data Affordability ordability
Score +
Score

Existing Score

*Based on existing assignments. Performance uplift for each client will differ
depending on data inputs and existing performance levels.

Leading to...

%“12%

Improvement in overall
acceptance rates*

* Based on existing assignments. Performance uplift for each
client will differ depending on data inputs and existing
performance levels.



3. Identify vulnerable existing customers faster

In-house customer Outputs enhance :

: : Proactive
transactional data early warning

: engagement
categorised and analysed systems

Existing client

case study
Unemployment / & & &S& & & - ah
gﬂ Salary changes Q o oio o & \/ 2222
&= Increasing Loans numbers/ & & &E& 2 & - s s
repayment levels 2 2 && 2 & ACTION 2 &2 &
@ Mortgage to Income ratios 2 A &;& 2 & TAKEN W A
% Default frequency & A &g& A & (Npe;;',,fénmts’ - a Reduction of
& & &;& A & holiday etc.) & & dn delinquent
@ Gambling trends 22 &;& 2 & 222 accounts

Potentially
at risk

Saved from
collections
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4. Personalize offers to new customers onboarding

Transactional data reveals spending on digital services and overall affordability risk

Move from this........... To this...........
Typical “Yes / No” risk credit risk decisioning Personalised affordability risk adjusted offers and reduced rejection
— olr?etiglff Initial

one off

‘~ payment
.~ \.

payment @
Followed by FoIIowed by
Low Risk Low Risk i
. payments of i

payments of

wwwwwwwwwwwwwwwwwwwwwwwwww
nnnnnnnnnnnnnnn

Low risk customer gets personalised bundle -
pays €20 more up front and €10 extra each
month but receives additional relevant products

Customer options
Initial

Initial Additional one off
one off upfront payment
payment PVt

of
FoIIowed by
Followed by
36

payments of

subject to subject to identity
and credit checking

. ] - v g nun .
el ; payments Of
Buy now 4 ko e

High risk customer receives risk adjusted offer
where ongoing monthly payment is reduced but
up front payment is increased




~ Experian Turk
Acik Bankacili
Ozumler



Acik Bankacilik verilerini kullanarak yeni nesil cozimler
getiriyoruz

Misteri Geligsmis

Uriin Egilimi Risk Profili

Segmentasyonu Skorlama

Kitle / Varlikh / Ozel o0 Geligsmis Kredi Skoru @ Sigorta Uriinleri o0 Yatirim Risk istahi
Musteri Yagsam Statisu @ Harcama Skoru [ ] Yatirim Ur{inleri o0 Erken Uyari
Harcama Davraniglari @ Gelir Tahmini C T ) Kredi & Kredi Kart (Y X J Kimlik Dogrulama
Varlik Tahmini C T T )
Nakit Akis Tablosu ®
P
@ satis-Pazarlama @ Kredi - Risk @ servis — Kanal Tasarimi .



Surec¢ nasil igliyor?

API Baglantisi

(Banka —
Experian)

Experian Bulut
Platformu

« Turkiye'de kurulu
ve Merkez Bankasi
onayl bulut
¢Ozumu

Acik Bankacilik

Verisinin

Gonderilmesi

Anonim Veri

ihtiyag halinde
anonimlesgtirme
¢Ozumu
saglayabiliriz

Kategorilendirme

ve Validasyon

%90+ Dogruluk

94 bireysel kategori
58 tlzel kategori

Metrik

Hesaplamalari

Metrik ve i¢gérii

Gelir

Harcama Glci
Varlik

Nakit Akisi

-> .

Ciktilarin

Paylasiimasi

Ayni APl Baglantisi

Simulasyon
Uygulama
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Neden Experian?

Experian'in islemleri kategorize etmek, makine ogrenimi modellerini egitmek ve
farkli finans kurumlardan alinan bilgileri birbirine baglamak icin 6zel bir ekibi var

s

Sektordeki bilgi
birikimimiz

sayesinde birden

fazla bankadan

ogrendiklerimizi
birbirine bagliyoruz

oapry N

VISIONTURKEY

Embrace it Futura

@

Farkli bankalardan
gelen veriler

sayesinde daha
yuksek dogruluga
sahip modeller
kuruyoruz

Piyasadaki
degisiklikleri dogru
bir sekilde
yansitmalari icin
analitik
modellerimizi surekli
gelistiriyoruz

28
2

Acik bankacilik
altyapisini ve analiz
sureclerini
desteklemek icin 7
kisilik 6zel bir
ekibimiz var
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